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Al Computing Broker (ACB) FUjiTSU

Realize more efficient use of GPU in Al learning process

* Since the GPU is allocated on a per-program basis, even if the GPU idle time is large, other
programs cannot use the GPU until the program ends.

Challenges in using GPU

* When virtualizing the GPU to share it among multiple programs, the GPU memory is divided for
each program, reducing the capacity per program.

Features of Al Computing Broker Technology of Al Computing Broker

. . . Analyze Al processing content, dynamically allocate GPU to processes that require GPU
® GPU scheduling specialized for deep learning y P & Y Y P d

® Control of GPU allocation at the processing unit
level within the program o -
Pros {GF) Programo « Eill < i - I
® Improves GPU utilization rate, reducing overall GPU —
processing time progrom 1 | R
® More processes can be executed with the same ACB
GPU resources SRk
oo st @ oo [ - EEEE - EEEE - EE
® Unlike sharing of GPUs through virtualization B o
GPU idle

Allocation

technology, the program can fully utilize the GPU- o - = o = o o
: program 1 [{EY o | o =
equipped memory = E Ell

»

time
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#1/bin/sh

#PIM -L rscgrp=cx-single
#PIM -L node=1

#PIM -L elapse=24:00:00
#PIM -j

GPU=1
PARALLEL=2

module purge
module load gcc/11.3.0 cuda/11.8.0

. "/home/center/[userid]/miniforge3/etc/profile.d/conda.sh"

cd /home/center/[userid]/alphafold2
conda activate openfold_env

if [ ${GPU} -eq 1]
then
gpu_assigner start --gpu-list 0
else
gpu_assigner start
fi
time ./run_seq400_aga.sh $((${PARALLEL} * ${GPU}))
pkill gpu_assigner
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